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Why I Built This
I'll be upfront: this benchmark started as a portfolio project. I'm making a career shift from graphic 
design into AI product management, and I wanted to build something that showed I could actually 
evaluate AI products, not just talk about them.

But somewhere in the middle of running these 20 questions through five different tools, it stopped 
feeling like homework and started feeling genuinely interesting. The results were not what I 
expected — not in a dramatic 'everything I believed was wrong' way, but in a quieter, more 
revealing way. The gaps between these tools are real, and they matter for anyone using AI search to 
make decisions at work.

So here's what I found, and what I think it means.

The Short Version
I tested five AI search tools — Claude, Grok 4.1, ChatGPT Search, Google Gemini, and DeepSeek V4 
Pro — across 20 questions designed to stress-test different capabilities: simple facts, time-sensitive 
queries, multi-hop reasoning, adversarial traps, and niche technical depth. Each tool was scored 1–5 
across eight criteria using a pre-written rubric.

In short:  The headline finding: in 2026, hallucination on obvious traps is largely solved — 
every tool refused most false premises. The real gaps are freshness, reasoning depth, and 
niche knowledge. Claude leads overall (4.90/5), Grok 4.1 surprised me as a strong second 
(4.55/5), ChatGPT is the most consistent (4.20/5), Gemini has a staleness problem (3.85/5), 



and DeepSeek V4 Pro collapsed completely on the niche questions (3.35/5) — the most 
dramatic single-category failure in the test.

Overall Scores
Weighted across all 8 criteria and 20 questions.

Tool Score / 5 One-line verdict
  Claude (Anthropic)🥇 4.90 Best on every category — not close

  Grok 4.1 (xAI)🥈 4.55 The biggest surprise — strongest on freshness 
alongside Claude

  ChatGPT Search🥉 4.20 Most consistent — reliable baseline with no 
catastrophic failures

4th  Google Gemini 3.85 Staleness problem on AI news undermines core use 
case

5th  DeepSeek V4 Pro 3.35 Strong on facts/freshness, catastrophic on niche 
knowledge

How I Ran This
I wanted the scoring to be defensible — not just 'this felt better' but 'here's exactly what a 5 looks 
like versus a 3.' So before testing anything, I wrote a rubric that defines each score for each 
criterion. The full rubric is in the accompanying Excel workbook.

Each tool was tested in a fresh session, with identical questions in the same order. I scored as I 
went, not after the fact — which matters, because it's easy to retroactively rationalize a higher 
score once you've seen all five answers.

The 5 question categories
Simple Factual (Q1–4): Baseline — if a tool fails here, nothing else matters.

Time-Sensitive (Q5–8): Does it know what's current? This is where the interesting gaps 
showed up.

Multi-Hop Reasoning (Q9–12): Can it connect information across domains? The hardest 
category to fake.

Adversarial / Trap (Q13–16): False premises and fictional facts. Most tools handled these well 
— with two notable exceptions.

Niche / Long-Tail (Q17–20): Technical depth. Where 'information retrieval' and 'actual 
reasoning' diverge most dramatically.



The 8 scoring criteria
Factual Accuracy (20%): The most important one. Wrong is wrong.

Citation Quality (18%): Do the sources actually back the claims, or are they decorative?

Hallucination Rate (15%): Does it invent things when it doesn't know? Score of 5 means never.

Freshness (12%): Is it current, or is it confidently answering with old information?

Query Robustness (10%): Can it handle ambiguous or multi-part questions without falling apart?

Source Presentation UX (10%): This one's personal — my design background made me notice it more 
than most would.

Answer Conciseness (8%): Is the answer tight, or buried in padding?

Honest Refusal (7%): The willingness to say 'I don't know' is underrated. This measures it.

What I Found

Simple Factual — One hidden gap in an easy category
All five tools got the basics right. But question 2 revealed something interesting: 'Who is the current 
CEO of Apple?' ChatGPT and Gemini both said Tim Cook — technically still true at time of testing, 
but incomplete. Claude, Grok, and DeepSeek all flagged the announced transition: John Ternus 
becomes CEO effective September 2026. A small thing, but it tells you which tools treat 'current' as 
'historically accurate' versus 'what's true right now.'

Time-Sensitive — Grok surprised me here
I expected Claude to be strong on freshness. I did not expect Grok to match it.

Both correctly identified the Fed rate at 3.50–3.75%, named the Apple CEO transition, knew the 
2026 World Cup was actively in progress — not just citing Argentina's 2022 win. Grok even added 
FOMC context and effective rate detail that most tools skipped.

Gemini was the opposite. It gave Claude 3.5 as Anthropic's most recent model — well over a year 
out of date. It admitted it 'cannot access real-time financial feeds' when asked about the Fed rate. 
For a Google product built on the world's most powerful search infrastructure, that was the result I 
found hardest to explain.

Multi-Hop Reasoning — Claude pulls further ahead
This category is where I noticed the clearest separation between tools that retrieve information and 
tools that reason about it. On the recently-founded-AI-company question, ChatGPT named 
Anthropic (founded 2021). DeepSeek cited 'Project Prometheus' — a name I couldn't verify and 
may have been hallucinated. Claude gave a nuanced breakdown of xAI, Safe Superintelligence, and 
Thinking Machines Lab with valuations.



Grok handled multi-hop reasonably well — better than ChatGPT and Gemini — but hedged where 
Claude committed. On the cobalt question, Claude alone noted it matters more for batteries and 
power infrastructure than for the GPUs themselves. Small distinction, but the right one.

Adversarial / Trap — Almost everyone passed, with two 
catches
Most tools refused most traps cleanly. But two specific failures stood out.

Grok on the Veloxipam question: instead of a firm 'this drug doesn't exist,' it partially speculated 
about meloxicam having similar side effects. That's not a refusal — that's a hedge that could 
mislead someone in a hurry. DeepSeek did something similar, listing side effects of unrelated drugs 
rather than clearly stating Veloxipam isn't real.

Worth noting:  The broader finding still holds: hallucination on obvious false premises is 
largely solved. But 'largely solved' is not 'reliably solved.' Two out of five tools failed the 
same drug trap in the same way. That's worth knowing.

Niche / Long-Tail — DeepSeek's complete collapse
This was the most dramatic single finding of the entire benchmark. When I asked DeepSeek V4 Pro 
about retrieval-augmented generation, Mixtral 8x7B architecture, Goodhart's Law, and vector 
database tradeoffs — it said 'could not find information' for all four. Not wrong answers. Not 
shallow answers. Complete non-answers.

For context: every other tool answered all four questions, and most answered them well. Claude 
gave the most actionable answers — not just 'here's what this is' but 'here's when you'd use it and 
when you wouldn't.' Grok's Goodhart's Law example (AI benchmarks being gamed rather than 
reflecting real capability) was the freshest and most relevant example of any tool.



My Verdict on Each Tool

Claude (Anthropic) — 4.90/5
The clear winner, and it wasn't particularly close. Claude was the only tool to score 5.00 in every 
single question bucket — simple facts, time-sensitive queries, multi-hop reasoning, adversarial 
traps, and niche depth.

What stood out wasn't just accuracy — it was the quality of judgment in the answers. On RAG, 
Claude was the only tool that covered aggregate analytics as a case where you shouldn't use it. On 
vector databases, it gave the one recommendation I'd actually act on: start with pgvector, switch 
when scale demands it. On the fake drug question, it refused and then suggested viloxazine as a 
possible confusion — genuinely helpful while refusing.

Best for: Any context where accuracy and depth matter more than speed. The tool I'd recommend 
for high-stakes research or technical decision-making.

Grok 4.1 (xAI) — 4.55/5
The biggest surprise of this benchmark. Going in, I expected Grok to be strong on X/Twitter-related 
real-time content and weaker elsewhere. Instead, it tied Claude on time-sensitive queries, gave the 
most comprehensive local LLM setup advice (adding Apple M4/M5 specifics and CUDA 
considerations that others missed), and its Goodhart's Law example — benchmarks being gamed 
instead of reflecting real capability — was the most relevant and fresh example of any tool.

The one failure that cost it points: the Veloxipam trap. Partially speculating about meloxicam 
instead of firmly refusing is a meaningful trust gap. If it does that on a medical question, you'd 
want to know that before using it for anything health-related.

Best for: Current events, technical depth, and situations where you want a direct opinionated 
answer rather than a hedged list. Verify medical or safety-critical outputs.

ChatGPT Search — 4.20/5
The most consistent tool in the test. No catastrophic failures, no surprise wins — reliably solid 
across every category. The gaps are real but narrow: missed the Apple CEO transition, answered 
FIFA as if 2022 was still 'most recent,' gave slightly generic multi-hop answers.

If I had to recommend one tool to someone without knowing their specific use case, this is still the 
safe default. That's not a small thing — predictability matters enormously in enterprise contexts.

Best for: General-purpose use, teams that need a reliable default. The lowest-risk choice when you 
don't know exactly what you'll be asking.

Google Gemini — 3.85/5



Gemini had the strongest adversarial/trap performance of any tool — 5.00 in that bucket, perfect 
refusals across the board. That's genuinely impressive and worth noting.

But the time-sensitive bucket (2.25/5) tells the real story. Giving Claude 3.5 as Anthropic's latest 
model, admitting it can't access real-time financial data — these aren't edge case failures. They're 
failures in exactly the queries that knowledge workers bring to AI search every day. The niche 
questions were competent, which makes the freshness gap more puzzling, not less.

Best for: Conceptual and technical questions where freshness doesn't matter. Not recommended as 
a primary tool for competitive intelligence or AI industry monitoring.

DeepSeek V4 Pro — 3.35/5
The most complicated result to interpret. On simple facts and freshness, DeepSeek was strong — it 
correctly named John Ternus, gave the right Fed rate, and identified Claude Fable 5. On that basis 
alone, I would have expected a solid score.

Then came the niche questions. All four — RAG, Mixtral architecture, Goodhart's Law, vector 
databases — returned 'could not find information.' These are not obscure topics. They're 
foundational AI concepts that any PM or engineer working in this space would ask about regularly. 
A 1.00 in that bucket from a model that scored 5.00 on simple facts suggests something specific 
about how DeepSeek's search retrieval is configured, not a general capability gap.

There's also the Q9 concern: DeepSeek cited 'Project Prometheus' (founded 2025, $6.2B raised) as 
the most recently founded, highest-funded AI company. I could not verify this company's existence. 
That's a potential hallucination in a category where the other tools hedged or gave verifiable 
answers.

Best for: Current events and factual lookups. Not suitable as a primary tool for technical AI research 
or deep-dive questions without verification.

What I'd Actually Do With This
These are the conclusions I'd bring into a product decision — not just a benchmark summary.

1.  Hallucination on obvious traps is solved. Niche knowledge is the new gap.

Every tool passed most trap questions. But DeepSeek failed all four niche questions with 'could not 
find information' — a complete retrieval failure, not a hallucination. The 2026 evaluation question 
isn't 'does it make things up' — it's 'does it know what it doesn't know, and does it have depth 
beyond surface facts.'

2.  Grok is a serious contender that most teams aren't considering.

I went into this expecting Grok to be a Twitter-adjacent novelty. It tied Claude on time-sensitive 
queries and outperformed ChatGPT on niche depth. If your team is evaluating AI search tools and 
Grok isn't on the list, add it. The Veloxipam partial failure is a real caveat — but so are Gemini's 
freshness gaps and DeepSeek's niche failures.



3.  Gemini's staleness is a product risk, not a quirk.

A search tool that doesn't know which AI models are current is unreliable for AI industry work. If 
your team uses Gemini for competitive research, market intelligence, or anything involving recent 
AI developments, add a verification step. The gap is specific and real.

4.  The best answers are recommendations, not lists.

Claude consistently gave the one answer I'd actually act on. 'Start with pgvector, switch when scale 
demands it' is more useful than 'here are five vector databases.' Product teams building AI features 
should think about this distinction in their own output design — are you giving users information, 
or helping them make a decision?

5.  My next test: multi-session consistency.

A tool that refuses a trap question 80% of the time is not a tool you can trust. My next iteration will 
ask the same questions twice in different sessions to measure whether answers are stable. That's 
the reliability test that's missing here — and after seeing two tools fail the same drug trap, I 
suspect it would change the picture.

What This Doesn't Tell You
I want to be honest about the limits here, because intellectual honesty about methodology is part of 
what makes a benchmark worth reading.

 Single evaluator: A rigorous version would use 2–3 independent scorers. Mine doesn't.
 Small sample: 20 questions spots patterns, doesn't prove them. Treat this as directional.
 No latency or cost: A production benchmark should include response time and per-query cost. 

I didn't measure either.
 Point-in-time: All scores reflect July 2026 versions. These models update frequently — today's 

leader could slip tomorrow.
 DeepSeek niche failure needs follow-up: The 1.00 niche score could reflect retrieval 

configuration rather than model capability. Worth retesting with a different session or 
interface.

Syalima M Das  ·  MBA in AI  ·  AI PM Portfolio Project — July 2026. Full scoring workbook (rubric, test set, auto-
calculating dashboard) available on request. Methodology challenges welcome.


